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Abstract

With the popularization of Al technology, the whole society needs to adapt to
the changes brought about by Al. When our team read UNESCO's literature on Al in
detail, we found that it proposed several measurement dimensions for analyzing
students' ability to use Al, but did not give a reliable quantitative method, nor did it
refine the research objects. In addition, the existing research on generative Al has not
focused on high school students in different curriculum systems. Therefore, this study
focuses on the use of generative artificial intelligence (Al) by middle school students
(14-19 years old) in the Chinese college entrance examination system and the
international system, and compares the two. Through 265 questionnaires and 8 in-
depth interviews, we analyze the understanding of generative Al by middle school
students in the above two different curriculum systems in China. The study found that
the vast majority of students in the domestic and international systems will use
generative Al to assist learning, and can actively summarize the pros and cons of
using generative Al to learn. However, since the subject setting of the domestic
education system is less extensive than that of the international system, the use of
generative Al by students in the domestic system is generally limited to the generation
and writing of article ideas in the liberal arts, and the understanding of generative Al
in other aspects is relatively lacking. Research shows that in this digital age, most
students’ learning is assisted to varying degrees by evolving technologies, but risks
still exist and the potential of Al-assisted education remains to be explored further.
Keywords: Educational technology; Al and education; Educational psychology;

Comparative research; Hybrid research
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